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Past studies have shown that the informal sector, including freelancers, contributes significantly 
towards Indonesia’s rate of employment by providing economic opportunities to those who cannot be 
absorbed by the formal sectors. Seizing this opportunity, many businesses are tapping into providing 
freelancers a place to sell and market their services online, commonly known as freelance marketplace. 
Yet the penetration of these platforms is still low in Indonesia. While the supply is high, Indonesian 
consumers still have doubts to use these marketplaces as their go-to platform when searching for 
freelancers. Thus, this study aims to investigate factors that impede consumers intention to use 
freelance marketplace in Indonesia, based on the framework of Innovation Resistance Theory (IRT). 
The data was collected from 370 respondents through online questionnaires, analyzed using Smart PLS 
software, and interviews, deciphered using selective coding. The results suggest that usage barrier, 
value barrier, tradition barrier, and image barrier negatively influence consumers’ usage intention of 
freelance marketplace, all except for risk barrier. Additionally, social influence also has a significant 
effect on value barrier and image barrier. These findings can be useful to construct business strategies 
for online freelance service providers, by focusing to eliminate the critical barriers mentioned in this 
study.  
 




Introduction   
 
Many studies have shown that the informal sector, including those of freelancers, contributes 
significantly towards Indonesia’s economy, particularly in terms of employment by providing 
economic opportunities to those who are displaced from or who cannot be absorbed by the formal 
sectors. Rothenberg et al. (2016) found that the informal sector employs between 61% to 70% of the 
total labor force in Indonesia. 
 
A 2019 report by Bloomberg showed that one-third of Indonesia’s 127 million people work in the 
freelance category with working hours under 35 hours per week. However, Indonesian online gig 
workers have relatively low income (Sucahyo et al., 2019). Nearly 50% of workers earn IDR 1 million 
or less per month, and nearly 80% earn less than the minimum wage. Only around one fifth of online 
freelancers earn more than IDR 5 million; above the minimum wage in any region in Indonesia. This 
suggests that there is still a huge problem in either the consumers’ low demand or the online 
infrastructure that may dampen their potential to reach clients and take on profitable projects. 
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To solve this issue, there has been a growing number of businesses who exist to empower and market 
freelancers work, such as Mahajasa, Fiverr, Sribulancer, Upwork, and others. They are a local and 
global marketplace that simplifies the on-demand gig economy, connecting clients with talented 
freelancers who can accomplish projects effectively and efficiently. They cut the traditional process of 
matching the customers in need of a temporary worker to complete their jobs and freelancers who 
offer them the services. 
 
COVID-19 further accelerated the boom of these companies. Since the beginning of the pandemic, the 
platforms’ Apple app store ratings have risen significantly, counting up to more than 50% upward 
trend (Hirschfeld, 2020). Another indicator example is the apparent growth of Fiverr revenue from 
2019 to 2020 ($27.9 million to $52.3 million). These platforms allow all freelancers, both amateurs 
and experts, a virtual place to easily market their services. It depends on the freelancers whether they 
want to adapt to the situation by going digital or constantly refusing the technological changes. 
 
Despite this advancement of freelance platforms, a survey by Freelancer Map in 2018 and 2020 shows 
that many freelancers in Indonesia specifically are still struggling to score desired amounts of projects 
which may be caused by the functional and psychological barriers preventing consumers from buying 
them.  
 
From May 17th to May 23rd 2021, the author has conducted in-depth interviews with 6 Indonesians 
who have made 2 to 3 purchases in the past 3 years but have never used a freelance marketplace to 
place their order.  This is to understand what factors hinder them from using freelance marketplace as 
their go-to place when making that purchase consideration. The result the author found in this 
interview, supported by several studies, is that the top reasons they don’t use these platforms are 
because first, they feel like they don’t need it yet. Second, they haven’t known it exists until now. 
Third, they are more comfortable using freelancers from friends’ recommendation.  
 
The findings of the above primary research serve as the foundation for this research’s development 
and is expected to be further classified into key barriers to create the best strategy for current and 
future freelance marketplaces. Therefore, the main objective of this research is to identify the key 
barriers that impede consumers from using freelance marketplace to purchase gig services online, and 
to explore the depth of relationship that those key barriers have. In the end, based on those discoveries, 








The definition of a freelance marketplace is an online platform that connects freelancers with 
individual customers or enterprises who need to use their services (Chalimov, 2020). This type of 
platform is commonly in the form of a website providing detailed information about freelancers, 
including work history and qualifications held. In this marketplace, there must be certainty that the 
customer must get the results of the work they paid for, while freelancers must get payment when 




Social influence is when an individual lacks the ability or incentive to digest information thoroughly, 
he or she may establish an attitude by disseminating minor facts and clues about what they are 
confronted with (Petty & Cacioppo, 1986). People's opinions of a service's or technology's usefulness 
may improve as a result of compelling social information (Venkatesh and Davis, 2000). According to 
certain studies, social influence can lower risk awareness (Kim et al., 2009). Social influence also has 
a strong favorable impact on the image of the service marketplace, based on a research by Chang et al. 
(2012). 





Innovation Resistance Theory 
 
Ram and Sheth (1989) formalized the concept of resistance to innovation as IRT, which explains 
customer resistance towards product, service, and technology changes. IRT refers to several sorts of 
consumer resistance and encompasses a broad category of functional (value, usage, risk) as well as 
psychological (image and tradition) barriers. However, no prior research has looked into the field of 




Usage barrier is related to the incompatibility of the innovation with the consumer's routines or habits. 
Without a strong performance-to-price ratio, an invention will be resisted and a substitute will be 
chosen (Ram & Sheth, 1989). Innovations that need modifications to a consumer's routine require a 




N. Rammile (2012) describes value barrier as resistance to using products or services that do not meet 
the user's sense of performance-to-price value in comparison to other substitutes. Moorthy et al., 
(2017) conducted a quantitative study on the effect of poor perceived value on mobile commerce 





Risk barrier is the uncertainty surrounding the potential negative effects of adopting a product or 
service (Marett et al., 2015); it also symbolizes consumers' perceptions of the risks involved with an 
invention (Laukkanen et al., 2007). According to a study conducted by Ling et al. (2017), there is a 




Tradition barrier is when an innovation has to shift the user's established culture and consequently 
comes into conflict with the user's established culture. The more intense the conflict, the stronger the 
resistance will be (Lian and Yen, 2013). According to a 2013 study by Lian & Yen, among those who 





Image barrier suggests that a bad impression is formed as a result of the perceived complexity of the 
product's use. According to Fain and Roberts (1997), the image barrier in new innovations originates 
from the internet's general "complicated-to-use" image. Thus, some users may find technology too 




Fishbein and Ajzen (1975) definition of usage intention, is “the strength of one’s intention to perform 
a specified behavior”. They posit that user adoption of a new innovation is determined by the users’ 
intention to use the system, which in turn is determined by the users’ beliefs about the system. 
Moreover, a research by Talwar et al. (2020), stated that functional and psychological barriers 











Referring to the framework proposed by Jansukpum and Kettem (2016), combined with the variable 
components of online experience in Constantinides' study, (2004), the author constructs the final 
conceptual framework for this research that can be seen in Figure 1. 
 





Based on the literature review and conceptual framework, the hypotheses are: 
H1: Social influence has a significant effect on risk barriers of using freelance marketplace. 
H2: Social influence has a significant effect on value barriers of using freelance marketplace. 
H3: Social influence has a significant effect on image barriers of using freelance marketplace. 
H4: Usage barriers have a negative effect on consumer’s usage intention of freelance marketplaces.  
H5: Risk barriers have a negative effect on consumer’s usage intention of freelance marketplaces.   
H6: Value barriers have a negative effect on consumer’s usage intention of freelance marketplaces.  
H7: Tradition barriers have a negative effect on consumer’s usage intention of freelance marketplaces.  







This study employs a quantitative method, constructing a questionnaire design to collect data from 
respondents and analyzing the responses using structural equation modeling. A quantitative analysis 
employs a set number of respondents rather than focusing on the depth of individual responses. It also 
shows a relationship and association between the set variables (Lucas-Alfieri, 2015).  The survey 
results acquired via an online questionnaire will be used to examine the barriers to consumer usage 




The population of this study is anyone within the 18-60 age range (based on the consideration from a 
previous study conducted by Jungleworks, that Fiverr segment demographic is age group 15-70). They 
also need to have previously ordered freelance services but never on any freelance marketplace. 
 
 







In this research, a non-probability, judgmental sampling is used. Non-probability sampling is a 
technique in which the respondent is chosen by the researcher based on subjective judgment (Malhotra 
et al., 2016). Judgmental sampling is a sampling strategy that is developed according to the research's 
objective or purpose. Because the goal of this study is to determine the barriers of using freelance 
marketplaces, the author assumes that the sample should be those who have ordered any freelance 
services in the past but have yet used or intrigued with the platform provided by freelance 
marketplaces. Malhotra et al., (2016) also stated that a problem-solving research needs a minimum 




The main research instrument to collect data in this study is a questionnaire that is divided into several 
sections, each with its own purposes. The first section is intended to know whether they qualify to be 
this research’s target market. The second section is their socio-demographic information to divide 
them according to different segments. The third section uses open-ended questions to explore 
respondents’ underlying reason for not using freelance marketplaces. The fourth section, which further 
split into several subsections, validates barriers from previous research with close-ended questions and 
likert scale answers, having a range from 1 (strongly disagree) to 5 (strongly agree). Then, the fifth 
and final section measures their usage intention.  
 
The researcher has used a Google Form to create the questionnaire online. As for collecting as many 
as 338 respondents, the researcher distributed the questionnaire through Instagram, Twitter, WhatsApp 
and Line group chats, and paid media promotes. All questions are written in Bahasa Indonesia to make 
it easy for the readers to understand.  
 
Social influence is assessed by three measurement items, referring to the studies by Venkatesh & 
Davis (2000) and Kim et al. (2007). Usage barriers are assessed by four measurement items, referring 
to the study by Lian and Yen (2013). Risk barriers are assessed by three measurement items, referring 
to the studies by Laukkanen et al. (2007) and Talwar et al. (2020). Value barriers are assessed by four 
measurement items, referring to the studies by Laukkanen et al. (2007), Lian and Yen (2013), as well 
as Moorthy et al. (2016). Tradition barriers are assessed by three measurement items, referring to the 
studies by Moorthy et al. (2016) and Joachim et al. (2017). Image barriers are assessed by three 
measurement items, referring to the study by Laukkanen et al. (2007). And lastly, usage intention is 
measured by four measurement items, referring to the studies by Davis (1989), Liao et al. (2007), Hsu 
and Lu (2004), and Rahman et al. (2018). 
 
Table 1. Distribution of Respondents' Demographic 


















Vocational school 5% 
High school 23% 
Undergraduate 45% 








This section elaborates the measures involved in data analysis. The findings of the quantitative 
methodologies will be explained by the author, and the results of the analysis will be used to answer 





Construct Validity Test 
 
According to Malhotra (2007), the validity test is performed to assess whether the responses are 





Convergent validity is the degree to which items measuring one construct converge over other 
constructs. The average variance extracted (AVE) criterion established by Fornell and Larcker (1981) 
is widely used. An AVE of at least 0.5 indicates that a latent variable can explain more than half of the 
variance in its indicators, indicating sufficient convergent validity (Urbach & Ahlemann, 2010). 
 
Table 2. AVE for Validity 
 
Variables Average Variance Extracted (AVE) Validity 
Social Influence 0.812 Valid 
Usage Barrier 0.629 Valid 
Risk Barrier 0.696 Valid 
Value Barrier 0.631 Valid 
Tradition Barrier 0.628 Valid 





Full-time student 74% 
Freelancer 1% 
Civil employee 3% 




Willingness to spend on 
freelance services 
< Rp 100,000 20% 
Rp 100,000 – Rp 500,000 52% 
Rp 500,001 – Rp 1,000,000 15% 
Rp 1,000,001 – Rp 3,000,000 9% 
Rp 3,000,001 – Rp 5,000,000 2% 
> Rp 5,000,000 2% 
Freelance marketplace usage 
Never 88% 
Have used only once/twice 12% 









Another method to check the validity is by the discriminant method, i.e. the degree to which the 
measures of different constructs differ from one another. It tests whether the items do not 
unintentionally measure something else (Urbach & Ahlemann, 2010). Fornell and Larcker (1981) 
suggest that the square root of AVE of each latent variable should be greater than the correlations 
among the latent variables. The square root is written in bold, diagonal line in the table below.   
 
Table 3. Discriminant Validity 
 
 IB RB SI TB UB UI VB 
IB 0.833       
RB 0.297 0.834      
SI 0.132 0.233 0.901     
TB 0.311 0.218 0.137 0.793    
UB 0.575 0.288 0.253 0.371 0.793   
UI 0.496 0.229 0.218 0.339 0.507 0.826  
VB 0.390 0.418 0.265 0.309 0.431 0.402 0.794 
 
Indicator Reliability Test 
 
Indicator reliability describes the extent to which a variable or set of variables is consistent regarding 
what it intends to measure. The reliability of one construct is independent of and calculated separately 
from that of other constructs (Urbach & Ahlemann, 2010). A score of 0.70 or higher is preferred 
(Wong, 2013). The calculation in the table below shows that every indicator is reliable, after it has 
gone several eliminations in the original one.  
 
Table 4. Factor Loadings 
 
Variables Indicator Outer Loadings Reliability 
Social Influence SI1 0.872 Reliable 
SI2 0.930 Reliable 
SI3 0.900 Reliable 
Usage Barrier UB1 0.744 Reliable 
UB2 0.798 Reliable 
UB3 0.894 Reliable 
UB4 0.824 Reliable 
Risk Barrier RB1  0.866 Reliable 





Variables Indicator Outer Loadings Reliability 
RB2 0.850 Reliable 
RB3 0.784 Reliable 
Value Barrier VB1 0.796 Reliable 
VB2 0.810 Reliable 
VB3 0.820 Reliable 
VB4 0.749 Reliable 
Tradition Barrier TB1 0.748 Reliable 
TB2 0.906 Reliable 
TB3 0.711 Reliable 
Image Barrier IB1 0.774 Reliable 
IB2 0.866 Reliable 
IB3 0.855 Reliable 
Usage Intention UI1 0.836 Reliable 
UI2 0.841 Reliable 
UI3 0.860 Reliable 
UI4 0.765 Reliable 
 
Internal Consistency Reliability 
 
Internal consistency in reliability suggests that the items on a measure should correlate highly with 
each other if they truly represent appropriate sampling (Henson, 2001). If indicators in one variable are 
highly correlated, it is theoretically assumed that the construct of interest has been measured to some 
degree of consistency. Wong (2013) stated that internal consistency is measured by composite 
reliability which should be 0.7 or higher.  
 
Table 5. Internal Consistency Reliability 
 
Variables Composite Reliability 
Social Influence 0.928 
Usage Barrier 0.871 
Risk Barrier 0.873 
Value Barrier 0.872 
Tradition Barrier 0.834 
Image Barrier 0.871 
Usage Intention 0.896 








Table 6 shows the hypothesis test analysis result from this research. There are eight hypotheses being 
tested on this research. The first three are regarding the effect of social influence on risk, value, and 
image barriers. While the other five hypothesize that image, risk, tradition, usage, and value barriers 
have a negative influence towards usage intention. Based on the results, all the hypotheses except for 
risk barrier towards usage intention are valid because the p-value is more than 1.96 and the t- statistics 
is less than 0.5. In addition to that, the original sample shows a positive result from image, tradition, 
usage, and value barriers towards usage intention variable that has been inverted.   Therefore, we can 
conclude that social influence (SI) has a significant effect on risk, value, and image barriers. 
Moreover, value barriers (VB), usage barriers (UB), tradition barriers (TB), and image barriers (IB) all 
negatively influence consumers’ usage intention (UI) of freelance marketplace.  
 












H1 Social Influence* → Risk Barrier 0.218 3.985 0.000 Accepted 
H2 Social Influence* → Value Barrier 0.265 4.469 0.000 Accepted 
H3 Social Influence* → Image Barrier 0.132 2.100 0.036 Accepted 
H4 Usage Barrier → Usage Intention* 0.250 4.342 0.000 Accepted 
H5 Risk Barrier → Usage Intention* -0.013 0.268 0.789 Rejected 
H6 Value Barrier → Usage Intention* 0.163 2.547 0.011 Accepted 
H7 Tradition Barrier → Usage Intention* 0.119 2.494 0.013 Accepted 
H8 Image Barrier → Usage Intention* 0.256 3.654 0.000 Accepted 
 





H1, H2, H3: Social influence significantly affects risk barrier, value barrier, and image barrier 
 
People's perceptions of a service's or technology's usefulness may improve correspondingly from the 
social influence they receive from peers or close circles (Venkatesh and Davis, 2000). The research by 
Jansukpum and Kettem (2016) found that positive social influence has significant negative effect on 
risk barrier (H1), value barrier (H2), and image barrier (H3). The finding in this research supports all 
of those hypotheses.  
 
Case examples for the context in this research are when social peers or relatives start utilizing and 
recommending freelance marketplaces, their peers will feel confident in using it as well because they 
notice no problems or complaints from their peers (further reducing risk barriers). Many firms (e.g. 
freelance marketplace providers) have adopted KOL collaboration as a marketing tactic because of 
their powerful image and beliefs (further reducing image barriers). Finally, social influence can lower 
or increase value barriers based on how their peers perceive the freelance marketplace's performance-
to-price (value) ratio. 
 
 





H4, H6, H7, H8: Usage barrier, value barrier, tradition barrier, and image barrier negatively affect 
consumers’ usage intention. 
 
In the groups of non-adopters, Lee (2013) discovered that perceived usefulness and perceived ease of 
use are the most important elements influencing consumers' usage intention and resistance. Szmigin 
and Foxall (1998) implied that consumers’ willingness to use mobile phones also is linked to both 
functional (usage, value, risk) and psychological (tradition, image) barriers. Lian and Yen (2013) 
found that major barrier for people who refuse to shop online include value and tradition. By 
examining those previous studies and this research findings in tandem, we can see that these 
hypotheses are proven true. With significant t-values and p-values evidence in table 6, usage barrier 
(H5), value barrier (H7), tradition barrier (H8), and image barrier (H9) negatively correlate with usage 
intention.  
 
As usage barrier measures perceived usefulness and ease of use, this means that respondents find 
minimum convenience and efficiency to use freelance marketplaces. As for value barriers, respondents 
feel that using freelance marketplace offers no significant price-cut and benefits when compared to 
their current ways of searching freelancers. As for tradition barriers, respondents still prefer to engage 
in face-to-face interactions with the freelancers as well as finding them from friends’ recommendation, 
as this way is already good enough for them. As for image barrier, respondents have doubts regarding 
purchasing on freelance marketplace because they feel new technology in freelance marketplace is 
often too complicated to be useful.  
 
H5: Risk barrier does not significantly affect usage intention. 
 
A risk barrier is anything that shows the public's perception of a new product or service's risk (Marett 
et al., 2015). It is one of the barriers that prevents consumers from trying new things. The risk barrier 
in the freelancing economy is related to personal data handling, financial sharing, and security. 
However, since this study's population is predominantly gen-Z, and 84 percent of respondents are 
between 18 and 25, it is unlikely that they face risk barriers. In a recent survey by Mobile Marketer, 32 
percent of respondents said they were “not scared that businesses will exploit their personal internet 
data in a way that could affect them”. They desire information that is tailored to them for a more 





This research aims to analyze consumer barrier factors in their intention to use of freelance 
marketplace. The researcher discovered that there are four classified barriers in the context of 
freelance marketplace. The barriers are value barriers, usage barriers, tradition barriers, and image 
barrier. On top of that, several barriers are actually affected by the consumer’s social influence, which 
are value barriers, risk barriers, and image barriers.  
 
The researcher had proposed several recommendations based on the research results. First, to reduce 
usage barriers, businesses should boost the marketplace’s ease-of-use and visibility. Second, to reduce 
value barriers, they may increase services affordability and payment options. Third, to reduce tradition 
barrier, they should tackle the 2 previous barriers first so that penetration of new behavior will be 
faster. Fourth and last, to reduce image barrier, they need to amplify positive testimony referrals and 
ease-of-use.  
 
The limitation on this study is that the respondents’ age ranges from 18 to 60, but more than 80% of 
them are 18 to 25 years old, which may cause a major response tendency towards gen Z behavior only. 
Another limitation is that there is a minimum amount of paper references on the industry of freelance 
marketplace, let alone on the topic of its barriers. For subsequent studies, researches can broaden the 
cohort of respondents with comparative study among different sorts of age group or archetypes, to get 
a deeper knowledge of the using intention and the behavior of Indonesian consumers. Future 





researches can also continue to refine and expand the variables that substantially affecting consumers’ 
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